Statistical methodology for the analysis of small area health data has seen considerable advances over the last 15 years. This development has been marked by the publication of a number of volumes that provide overviews of progress in the field. [1] [2] [3] [4] In addition, the appearance of special journal issues has also marked progress over the period. It is a mark of the increasing specialization of this field that this special issue is solely concerned with the analysis of small area health data with emphasis on relative risk estimation and modelling. This subarea of spatial epidemiology is commonly (and unfortunately) called disease mapping. It also closely relates to ecological analysis where covariates are included at a spatially aggregated level.
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The development of approaches to these areas of concern has advanced in the application of both frequentist and fully Bayesian methods. The availability of software such as MlwiN and WinBUGS make it relatively easy to apply sophisticated models. 5 In this volume, papers are included ranging in their focus and sophistication from composite estimators and empirical Bayes methods to fully Bayesian models for multiple diseases.
The first two papers by Longford, and Leyland and Davies describe, respectively, the use of composite (pooled) estimators for small area estimation of risk, and the development of empirical Bayes methods including nonspatial and spatial components within multilevel models. These papers represent the main non-Bayesian contributions to the volume. The use of pooled estimators (for borrowing strength) is a key element in spatial modelling of relative risk and is a key ingredient of more sophisticated models. One of the advantages of empirical Bayes models is the ease with which they can be implemented in general statistical packages.
The paper by Best, Richardson and Thomson features an evaluation of a range of established spatial Bayesian disease mapping models. The choice of which models to include in such a study is always difficult due to the wide range of such models currently available. The authors find that the now classic BYM model and hidden mixture and partition models performed well for their simulation data.
The final two papers represent more sophisticated Bayesian modelling as they deal with modelling and ecological analysis for multiple diseases. In recent times, much emphasis has been placed on the extension of disease mapping models to multiple disease analysis. The modelled. The development of useful multivariate modelling approaches is an important development in this area.
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